Of Machines Learning to See Lemon by McClymont, Alistair & Fass, John
Volume 8 
Issue 2 London Design Festival 
September 2019 
Of Machines Learning to See Lemon 
Alistair McClymont 
University of the Arts London, a.mcclymont@arts.ac.uk 
John Fass 
University of the Arts London, j.fass@arts.ac.uk 
Follow this and additional works at: https://digitalcommons.wpi.edu/oa 
 Part of the Graphic Design Commons, Interactive Arts Commons, Interdisciplinary Arts 
and Media Commons, and the Sculpture Commons 
To access supplemental content and other articles, click here. 
Recommended Citation 
McClymont, Alistair and Fass, John (2019) "Of Machines Learning to See Lemon," 
Organizational Aesthetics: Vol. 8: Iss. 2, 71-73. 
Available at: https://digitalcommons.wpi.edu/oa/vol8/iss2/8 
This Special Topic is brought to you for free and open access by Digital WPI. It has been accepted for 
inclusion in Organizational Aesthetics by an authorized administrator of Digital WPI. For more 
information, please contact digitalwpi@wpi.edu. 
Of Machines Learning to See Lemon 
Cover Page Footnote 
Krizhevsky A, Sutskever I, Hinton, GE. New computer vision challenge wants to teach robots 
to see in 3D. New Scientist, 2017 Sonneman, Toby. Lemon: A Global History. London: 
Reaktion Books, 2012. Print. Hochstrasser, Julie Berger. Still Life and Trade in the Dutch 
Golden Age. New Haven, CT: Yale University Press, 2007. Print. Biederman I. Recognition-by-
components: a theory of human image understanding. Psychol Rev. 1987;94:115–147. Potter 
MC. Short-term conceptual memory for pictures. J Exp Psychol [Hum Learn] 1976;2:509–522. 
Felleman DJ, Van Essen DC. Distributed hierarchical processing in the primate cerebral 
cortex. Cerebral Cortex. 1991;1:1–47. Pinto N, Cox DD, Corda B, Doukhan D, DiCarlo JJ. Why 
is real-world object recognition hard?: Establishing honest benchmarks and baselines for 
object recognition. COSYNE; Salt Lake City, UT: 2008a. DiCarlo, J. J., Zoccolan, D., & Rust, N. 
C. (2012). How does the brain solve visual object recognition? Neuron, 73(3), 415–434. 
http://doi.org/10.1016/j.neuron.2012.01.010 Hardesty, L. (2015) How computers can learn to 
recognise objects, https://www.weforum.org/agenda/2015/05/how-computers-can-learn-to-
recognise-objects/, retrieved 08/18. 
This special topic is available in Organizational Aesthetics: https://digitalcommons.wpi.edu/oa/vol8/
iss2/8 
 
Organizational Aesthetics 8(2): 71-73 
Ó The Author(s) 2019 
www.organizationalaesthetics.org 
 
Of Machines Learning to See Lemon 
 
Alistair McClymont 
London College of Communication, UAL 
 
John Fass 
London College of Communication, UAL 
 
 
 
 
72     Burston & Milic 
 
Of Machines Learning to See Lemon 
London Design Festival, London College of Communication, 2018 
 
Artists’ statement 
 
This work highlights the distinctive way computers recognise objects and draws a contrast 
between objects and their physical attributes and how these are assigned values by a 
computer vision system. 
 
An installation “Of Machines Learning to See Lemon” was presented at the London Design 
Festival 2018 (image above). As part of our process to investigate machine learning image 
classification algorithms we created a website leveraging the public MobileNet model (a speed 
optimized version of the ImageNet project, a dataset of over 15 million high-resolution 
images collected from the web and labelled by humans.) This website uses a mobile, or 
computer camera to return both what it thinks is in the image, and the percentage probability 
that this thing is a lemon. This investigative project can be seen here: 
learningtoseelemon.netlify.com 
 
Computers see things very differently to humans. We use the term ‘see’ here to indicate the 
way digital technologies using computer vision increasingly perform some of the functions of 
the human visual system but in a distinctive way. For example, an automated image 
recognition algorithm, although it is rooted in the search for the neural ‘algorithm’ of human 
visual object recognition works on the basis of what it has been previously exposed to. It can 
only ‘see’ based on what it has been programmed to see. The ability of a computer to 
correctly identify a lemon thus depends on the number, quality, and accuracy of examples in 
the data class ‘lemon’ it has processed. The elision of this difference in visual processing 
conceals where training images come from, who has generated them, and in what context. It 
is also increasingly clear that computational image recognition is a process subject to the 
cultures, biases and prejudices of the particular situations in which it is developed. This work 
was developed in the context of an exhibition at London College of Communication in 
September 2018. The exhibition explored the twin contemporary technological characteristics 
of complexity and speed. The image above is illustrative of the way computer vision 
technologies work to recognise objects by assigning values to attributes. In this case 
attributes of colour and shape. As the algorithm gets closer to its intended target, a lemon, 
these attributes become more recognisable to the human eye. We have chosen lemons as the 
example for this work so as to evoke the long history of lemons in European still life painting 
and thereby highlight the very different values at play between human and computational 
‘seeing’. The work is also intended to explore the fragility of computer vision systems, 
particularly when they may mis-recognise an object. This problem is currently addressed 
using a data first approach, which maintains that more data automatically equals greater 
accuracy without questioning the possible bias of image provenance.  
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concern for beauty and reason. 
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